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Overview

I An important question: Are retail investors informed? Implications
for, among other things, regulation.

I Confronts the standard problem: Identifying retail activity is hard.

I Two approaches:
I Use proprietary data: Kaniel, Saar, Titman (2008), Kelly and Tetlock (2013),

Barrot, Kaniel, Sraer (2016).

I Develop an inference technique to use on public data: Campbell, Ramadorai,
Schwartz (2009).

I This paper falls into the second category.
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A New Approach

I The technique these authors follow to infer retail activity is novel.

I They use FINRA regulations about transaction reporting facilities
(TRF) for off-exchange transactions.

I Their technique is to identify transactions with small price
improvements, less than a penny, and code such transactions as retail
(market) buy and sell orders.

I They use these inferred flows to construct measures of retail investor
flows, and investigate relationship between these flows and past and
future stock returns.
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Understanding the Approach

I This is a new inference technique. So authors need to persuade us that
the measure indeed captures retail activity.

I Significant omission in the paper – little cross-checking with other sources or
measures.

I Different possibilities include matching to 13-F filings, or using TORQ data.

I Authors could also do a better job explaining some of the evident
limitations of the approach.

I To what extent are on-exchange transactions important, given that the measure
only captures off-exchange transactions?

I Technique identifies market order transactions. What do we need to assume
about limit orders to draw inferences from the regressions?

I Minor: Why normalize order flow by gross shares traded by retail
investors? A more natural scaling might be market capitalization.
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A Quibble (but an Important One)

Fortunately, Eq. (6) is sufficiently parsimonious to be
estimated on a rolling basis, generating out-of-sample
forecasts that can be compared with out-of-sample LR
forecasts. We begin by estimating the model from the first
quarter of 1993 until the final quarter of 1994, and
construct an implied fitted value for the first quarter of
1995 using these estimated parameters. We then reesti-
mate the Nelson and Siegel function on the expanded data
set in each period, progressively forecasting one period
ahead. Panel B of Table 2 shows the implied adjusted R2

statistics generated by out-of-sample forecasts from the
Nelson and Siegel specification, and we use these to
compute out-of-sample adjusted R2 ratios over the period
1995–2000. The superior performance of the Nelson and
Siegel specification is barely affected by this switch from
in-sample to out-of-sample evaluation, as we obtain ARR

values ranging from 0.031 to 0.222.

4. Daily institutional flows and returns

We now use our method for inferring institutional
flows to analyze the relation between flows and stock
returns at the daily frequency.

4.1. Constructing daily institutional flows

We can think of Eq. (6) as a daily function aggregated
up to the quarterly frequency. Writing d for a daily time
interval within a quarter t, the daily function is
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We make an assumption here in time-aggregating Eq. (8)
up to the quarterly frequency to obtain Eq. (6) that the
error in measured daily institutional ownership �id is
uncorrelated at all leads and lags within a quarter with all
of the right-hand-side variables in Eq. (8). This exogeneity
assumption guarantees that the parameters of the daily
function b01; b02; b11; b12; b21; b22; t are the same as those
estimated at the quarterly frequency.

Having estimated Eq. (6), we can recover the para-
meters of Eq. (8) and construct the fitted value Ed½DYid� on
each day d for each stock i. This is our measure of
daily institutional flows. When we construct this fitted
value, we are careful not to incorporate any purely
quarterly parameters or variables (r;f;a; and �) as we
are forced to make ad hoc assumptions about the intra-
quarter timing of events if we do so. We therefore set the
values of these parameters to zero when constructing
daily flows. We construct the fitted value in two different
ways, using either the in-sample or out-of-sample
parameters estimated in Table 4. Henceforth we term
Ed½DYid� the institutional flow for stock i on day d, and
denote it as f id.

Table 5 presents descriptive statistics for daily market-
adjusted stock returns and flows (demeaned by the daily
cross-sectional mean return and mean flow in all cases),
for our in-sample and out-of-sample daily flow measures
and for daily flows constructed using the LR method. To
implement the LR method, we pick the cutoffs that yield
the highest adjusted R2 statistic from Table 2 for each
quintile. For example, for the median-size quintile of
stocks, we use the net order imbalance occurring in trade
sizes above $100,000. The sample in all cases is restricted
by the requirements of our out-of-sample estimation,
beginning on the first trading day of January 1995 and
ending in December 2000. All daily flow measures are
winsorized at the 1 and 99 percentile points of the
distribution across all stock-days in the sample. Finally,
we remove all stock-days for which flow observations
cannot be computed due to nonavailability of TAQ data.

ARTICLE IN PRESS

Standardized net flow coefficients for different trade sizes
at mean level of lagged quarterly institutional ownership 
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Fig. 2. This figure plots the net flow coefficients estimated using the results in Table 3 for each trade size bin, for the Q1, Q3, and Q5 firms in our sample.

The coefficients are standardized by removing the within quintile cross-sectional mean of bin coefficients and dividing by the cross-sectional standard

deviation of bin coefficients. The sample period extends from 1993:Q1 to 2000:Q4.
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I Clearly evident that small trades associated with direction of institutional flow, especially in small and medium-sized

stocks!
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Interpretation

I Observation: Retail investor activity predicts future stock returns at
short horizons (weekly).

I Interpretation? Authors claim that retail investors are informed.

I But flows can predict returns for several reasons, including price
pressure or liquidity consumption.

I Consensus in the literature that this is the right interpretation (Campbell,
Ramadorai, Schwartz (2009), Barrot, Kaniel, Sraer (2016)).

I Findings in this paper are entirely consistent with liquidity provision.
I Retail investors sell following peaks and buy following troughs in returns (Table

2). Classic liquidity provision strategy. (Nagel, 2012).
I Authors don’t control for news arrival, or show that retail flows predict

information (e.g., Froot and Ramadorai, 2008)).
I On page 14, and Figure 2, authors show that predicted returns revert over 6-8

weeks.

I Authors could temper claims of informed retail investors.
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Conclusion

I A promising addition to an important literature.

I Authors have some work to do on:
I Persuading us that the measure captures retail flow.
I More plausibly interpreting the results.

I I look forward to seeing future versions of the paper.

I Good luck!
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