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A Question
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Demand at Denver food banks is higher than ever

Emergency services change amid migrants’ influx, inflation
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1. Immigration opponents:
higher product demand,
higher prices
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A Question

How does immigration

A politically sensitive question

1. Immigration opponents:
higher product demand,
higher prices

2. Immigration proponents:
higher labor supply,
lower wages, lower prices

inflow affect output prices?

[EZIITN commentary (Follow)
How Immigrants Tame Inflation

Labor shortages apply upward pressure to wages and thus prices.

By Justin Gest
May1,2023545 pmET
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Workers of in Clearwater, Fla, Dec. 28, 2022.
PHOTO:DOUGLAS R CLIFFORD/ZUMA PRESS
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A Question

How does immigration inflow affect output prices?

A theoretically ambiguous question with many countervailing forces

Product demand channel:

* P [ More people, higher aggregate product demand

* P [ Different people. More elastic consumers, prefer less pricey products
Labor supply channel:

* P [ More people, higher aggregate labor supply, lower wages
* P [ Different people complementing natives,

producing more appealing, higher-priced products

+ many others: skill composition, higher productivity, more intense competition, etc.
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This Paper

Empirical analyses with detailed scanner price + firm establishment location data

* Establish a causal effect of immigration inflow on output prices
® by using county-level immigration shock (“ancestry” IV) (Terry et al. 24)

* Investigate the underlying mechanism: demand vs. supply, shift vs. composition

® by separately observing firms’ product sales and production locations
® by analyzing how purchasers search, pay, and choose products

* Formalize the mechanism

* by estimating elasticity and quality (appeal) with a nested demand (Hottman et al. 16)
® by rationalizing the results with the heterogeneous demand elasticity

5/33



Preview of the Results

* At the county level, immigration inflows reduce the price index

* arising from low-income, low-education immigrants
* among non-durables only, mostly muted for the other sectors (e.g., services)
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Preview of the Results

* At the county level, immigration inflows reduce the price index

* arising from low-income, low-education immigrants
* among non-durables only, mostly muted for the other sectors (e.g., services)

* At the firm level, immigration inflows
* decrease prices via demand effect as immigrants search for lower-priced products
® increase prices via supply effect as immigrants make products more appealing
* The demand effect dominates the supply effect
® Structural estimation confirms: immigration raises demand elasticity and lowers

product appeal — rationalized by more elastic, search-intensive immigrants
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Related Literature

* Potential channels connecting immigration and prices

Primary Channel Price Description Source
Lower Wages Increased labor supply reduces | Borjas 03, Cortes 08
L Fall wages and production costs.
abor — e -
Supply Productivity Task' s.pec1ahza.t10n increases pro- Peri Sparber 09
ductivity, lowering unit costs.
Entrepreneurship Immigrant entrepreneurs increase | Olney 13, Mahajan 24
firm entry and competition.
Skill Upgrading Rise Natives shift to higher-skilled tasks, | Kerr et al. 15
raising their wages.
Innovation Increased innovation and capital in- | Kerr Lincoln 10, Burchardi et
vestment raise costs. al. 19, Terry et al. 24
Product Demand Pull Rise Larger population increases overall | Saiz 07
Demand demand.
Price Sensitivity Fall Search-intensive immigrants in- | Lach 07
crease price competition.

* Utility-based firm price index

® Hottman et al. 16, Redding and Weinstein 20, Lenzu et al. 22, Eslava et al. 23
¢ Consumer Heterogeneity

® Jaravel 19; Stroebel and Vavra 19; Handbury 21; Faber and Fally 22; Mongey and Waugh 25
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Data

Barcode-County-level P & Q : NielsenlQ Retail Scanner (RS) & Homescan Panel (HP)

RS: 2.6 million product prices and quantities in 2006-2018
from 35,000 (balanced) retail stores, 2,500 counties (about 83% of U.S. counties)

e.g: cherry- avored 500ml diet coke in New York county in 2010

HP: 55,000 households every year with demographic variables
# of trips, # of days shopping, # of visits to retail stores, store brand shares
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Data

Barcode-County-level P & Q : NielsenlQ Retail Scanner (RS) & Homescan Panel (HP)
RS: 2.6 million product prices and quantities in 2006-2018
from 35,000 (balanced) retail stores, 2,500 counties (about 83% of U.S. counties)
e.g: cherry- avored 500ml diet coke in New York county in 2010

HP: 55,000 households every year with demographic variables
# of trips, # of days shopping, # of visits to retail stores, store brand shares

Producer Characteristics: GS1, NETS

producer name, plant location, employment, industry code in 2006-2018
matched at the rm level using the rm name and address

County-level Information : Census, ACS, QCEW, BLS, BEA, USDA, Corelogic, Zillow
Census/ACS: immigration, birthplace, ancestry in 1880, 1900-1930, 1970-2000, 2010, 2014, 2018
QCEW: annual wages, total employment, # of establishments
BLS: city-level price index by durable, non-durable, services, and rent (also in ACS)

BEA & USDA: initial county GDP, urban indicator
Corelogic/Zillow: county-level house price index
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County-level Regression Speci cation

In Pet= st t+ alet+ "c

c:county, s: state,t: time; : xed effects; : 4-year rst-difference (stacked) or 12-year difference

lc:t: immigration in ow in county c in time t, likely endogenous
e.g., immigrants select into booming areas
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c:county, s: state,t: time; : xed effects; : 4-year rst-difference (stacked) or 12-year difference

lc:t: immigration in ow in county c in time t, likely endogenous
e.g., immigrants select into booming areas

Follow Terry et al. 24: Card-type shift-share instrument: @EEED

X
le;t = Aoct 1 loit
)

0: a country of origin

Aoct 1: social pull factor, immigrants (ancestry) from origin o to county c in time t-1
Historical data: predict Aqct 1 with the historical pull and push factors

lo:t - push factor, total immigrants from origin o
Leave-one-out: excluding the county of interest ¢
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Outline

2 County-level Results
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